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Appendix A

Low-Comprehensiveness and High-Comprehensiveness RAs

Figure A1.  Screen Shot of the Low-Comprehensiveness RA in the Preferences’ Gathering Stage
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Figure A2.  Screen Shot of the High-Comprehensiveness RA in the Preferences’ Gathering Stage

Figure A3.  Screen Shot of the Low-Comprehensiveness RA in the Recommendations Stage
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Figure A4.  Screen Shot of the High-Comprehensiveness RA in the Recommendations Stage
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Appendix B

Measurement Items of the Dependent Variables

Table B1.  Measurement Items of the Dependent Variables

Construct Names Measurement Items (7-point scale) Sources

Perceived Complexity • Using this recommendation agent would take too much time.
• Working with this recommendation agent seems so complicated;

it would be difficult to understand what is going on.
• Using this recommendation agent involves too much time doing

mechanical operations (e.g., data input).
• It would take too long to learn how to use this recommendation

agent to make it worth the effort.

Thompson et al. 
(1991)

Perceived Usefulness • This recommendation agent provides good quality information for
my online shopping task.

• This recommendation agent improves my performance in my
online shopping task.

• This recommendation agent increases my effectiveness for
shopping online.

• Overall, this recommendation agent is useful for online shopping.

Hassanein and Head
(2007)

Behavioral Intention to
Use an RA

• Assuming I had access to this recommendation agent while
shopping online, I intend to use it.

• Assuming I had access to this recommendation agent while
shopping online, I predict that I would use it.

• Assuming I had access to this recommendation agent while
shopping online, I plan to use it.

Wang and Benbasat
(2009)
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20-30 30-40 40-50 50-60 60-70 70-80 80-90
Cognitive Age 85 21 41 71 44 10 1
Chronological Age 38 50 15 33 69 59 9
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Appendix C

Group Comparisons between Cognitive Versus Chronological Age

Figure C1 shows the distribution of participants’ cognitive and chronological age.  In this study, the average of participants’ chronological age
and cognitive age was 54.8 (SD:  18) and 43.8 (SD:  15.2) years, respectively.

Figure C1.  Distribution of Participants’ Cognitive and Chronological Age

As can be seen in Table C1, there is a positive association between chronological and cognitive age.  Further, and as expected, when individuals
become older (> 60 chronological years), they tend to feel younger than their chronological age, with most individuals feeling they are 10 years
younger on average than their chronological age.

Table C1.  Chronological Age Versus Cognitive Age

Cognitive Age

Chronological Age Group 20-30 30-40 40-50 50-60 60-70 70-80 80-90 Total

20-30 36 2 38

30-40 40 6 3 1 50

40-50 5 3 7 15

50-60 4 8 8 13 33

60-70 2 19 28 19 1 69

70-80 3 28 23 5 59

80-90 1 1 2 4 1 9

Total 85 21 41 71 44 10 1 273
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Appendix D

Loading and Cross Loading of Measures

Table D1.  Loading and Cross Loading of Measures

BI COM PU

Behavioral Intention (BI1) 0.9621 -0.2566 0.8165

Behavioral Intention (BI2) 0.9785 -0.3042 0.8171

Behavioral Intention (BI3) 0.9771 -0.3074 0.8168

Complexity (COM1) -0.4084 0.7721 -0.3819

Complexity (COM2) -0.1665 0.9332 -0.1609

Complexity (COM3) -0.232 0.9212 -0.2057

Complexity (COM4) -0.2754 0.9255 -0.2766

Usefulness (PU1) 0.7629 -0.2868 0.9188

Usefulness (PU2) 0.7989 -0.2765 0.9456

Usefulness (PU3) 0.8002 -0.2294 0.9517

Usefulness (PU4) 0.8081 -0.2726 0.9586

Note:  As cognitive age and RA comprehensiveness are single-item measures that results in loadings of 1.000, they were not
included in this analysis.
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